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S E L F - S U P E R V I S E D  P R E - T R A I N I N G  TA S K

Shuffling task

~12k examples
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C H A L L E N G E

1. Sourcing data from a wide variety of data is both easy (lots of data) and 
hard (different people/groups maintain data) 

• Technical: Different processing 

• Cultural: Different outlooks on data use 

• Is broad access to such a model realistic?
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C U R R E N T  W O R K

1. More thorough testing: datasets, tasks 

2. Implementing in sparse tensor networks 

3. Testing many other pretraining tasks 

4. Working with data from another TPC, GADGET
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• Raghu Ramanujan and the Davidson 
ALPhA crew 

• The AT-TPC Group 

• Broader FRIB Collaborators
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